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Construction of medical knowledge graph based on symptom weight information of diseases
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[ Abstract] To address the challenges of redundant and unreliable internet-based medical information, as well as the
limitations of existing knowledge graphs in disease coverage and symptom weight representation, this study proposes a
medical knowledge graph construction method integrating multi-source heterogeneous data. By combining semi-structured
data from authoritative medical websites with open-source medical knowledge graphs, a multi-stage construction
framework is designed, and an innovative dynamic disease-symptom weight calculation method based on joint search
frequency is introduced. The resulting knowledge graph incorporates disease-symptom weight information, resolving
ambiguities in symptom-disease relationships while achieving effective integration and in-depth mining of fragmented
medical data. This work provides valuable data resources for medical research and clinical decision support.
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