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Research progress and prospects of drug target affinity prediction based on multi head attention GAN
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[ Abstract] Recent advances in deep learning have significantly improved small molecule-drug target affinity
(DTA) prediction, with generative adversarial networks (GANs) emerging as a promising approach. However, current
GAN-based methods primarily use shallow architectures. This paper reviews deep learning-based DTA prediction
methods, examining their potential to enhance accuracy and interpretability. We compare traditional and deep
learning approaches, highlight the integration of multi-head attention with GANs, and discuss current challenges and
future directions.
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