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Exploring Al-powered approaches to enhance curriculum design for university teachers
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[ Abstract] With the explosive growth of Generative Artificial Intelligence (GenAl) technology, higher
education is undergoing a critical period of transformation from digitalization to intelligence. This article aims to
systematically review the theoretical logic, implementation paths and potential risks of Al-enabled course design for
university teachers. Al is not only a tool for enhancing efficiency but also a catalyst for reshaping the educational
ecosystem. College teachers need to proactively restructure their course design thinking to adapt to the future
educational landscape of human-machine symbiosis.
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